In this paper, we propose novel methods for measuring depth of anesthesia (DOA) by quantifying dominant information flow in multichannel EEGs. Conventional methods mainly use few EEG channels independently and most of multichannel EEG based studies are limited to specific regions of the brain. Therefore the function of the cerebral cortex over wide brain regions is hardly reflected in DOA measurement. Here, DOA is measured by the quantification of dominant information flow obtained from principle bipartition. Three bipartitioning methods are used to detect the dominant information flow in entire EEG channels and the dominant information flow is quantified by calculating information entropy. High correlation between the proposed measures and the plasma concentration of propofol is confirmed from the experimental results of clinical data in 39 subjects. To illustrate the performance of the proposed methods more easily we present the results for multichannel EEG on a two-dimensional (2D) brain map.
Introduction
Depth of anesthesia (DOA) should be accurately and adequately maintained in order to prevent potential intraoperative side effects such as hypertension, tachycardia, sweating, lacrimation, increased skeletal muscle tone, and spontaneous movement [1] . For example, the intraoperative awareness due to insufficient anesthesia occurs in 0.1%-0.2% of all surgical patients [2, 3] resulting in significant mental sequela and posttraumatic syndrome [4] . In contrast, anesthetic agent overdose can be a cause of hypotension leading to hypoperfusion of heart and brain in sensitive patients. Due to the individual gap in dose response to the anesthetic agent, adjusting the dose of anesthetic agent to ensure maintenance of the appropriate DOA might remain a considerable burden to the anesthesiologists. Therefore, reliable assessment of DOA is essential in clinical settings.
General anesthesia includes hypnosis as well as analgesia [5] . Several DOA measurements use the features of anesthesia mentioned earlier, including the autonomic nervous systembased methods such as degree of muscle relaxation, hemodynamics, perspiration, and lacrimation [6] , as well as the heart rate variability-(HRV-) based method reflecting change in brainstem function [7, 8] . However, little correlation between these parameters and the function of the cerebral cortex, which hardly reflects change in DOA [9, 10] , might cause intraoperative awareness. Therefore, the function of the cerebral cortex should be considered in indices for DOA monitoring.
A number of studies are ongoing to develop DOA indices based on cerebral electrical activity. For example, compressed spectral array (CSA) [11] focuses on the change in frequency characteristic of the electroencephalogram (EEG) during anesthesia; spectral edge frequency (SEF) [12] , frequency band power ratio [13] , or spectral entropy (SpE) [14] measure the change in the pattern of the power spectrum; midlatency auditory evoked potential (MLAEP) [15] examined the response of the electroencephalogram (EEG) to an auditory stimulus or the bispectral index (BIS) using phase coupling between EEG frequency components [16] , the latter of which is currently in clinical use for DOA monitoring [17] [18] [19] . However, these previous methods mainly use few EEG channels independently and most of multichannel EEG based studies are limited to specific regions of the brain.
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This being so, the function of the cerebral cortex over wide brain regions is hardly reflected in DOA measurement. Furthermore, consciousness is associated with functional integration and segregation of the brain [20] , and anestheticinduced unconsciousness is reflected in wide and different regions of the brain [21] . Therefore it needs to consider the function of the cerebral cortex over whole brain regions for DOA monitoring.
In order to overcome these limitations, this study suggests the DOA measurement by analysis of EEG information flow activated from the cerebral cortex over the brain. Information flow in the brain has a dynamic characteristic depending on the condition of the subject; therefore, dominant information flow may reflect consciousness level. In this paper, we focus on the change in dominant information flow occurring during the process of loss of consciousness (LOC) and recovery of consciousness (ROC) for the purpose of DOA measurement. In order to screen the dominant information flow among various information flows existing in multichannel EEGs, 3 indices that bipartition the overall channels into information source groups and target groups are suggested and used to extract the dominant information flow. Then from a perspective of information theory, the quantity of information is measured for quantification of the consciousness level. The representative information entropies for quantifying EEG include mutual information (MI) [22] , granger causality [23] , and transfer entropy (TE) [24] . TE has been used in DOA studies in only a few cases, despite its excellent performance. The aim of this study was to confirm the potentiality of the proposed methods as an indicator of DOA by quantifying the dominant information flow that reflects the functional activities at the overall cortical areas through information entropy.
Materials and Methods

2.1.
Subjects. This study was approved by the Institutional Review Board of the Asan Medical Center (Seoul, South Korea), and written informed consent was obtained in all cases. The study included 39 healthy volunteers over 20 years old and excluded subjects with past history potential to become risk factors upon administration of the study drug in advance, such as cardiovascular, respiratory, kidney, endocrine, hematologic, gastrointestinal, central nervous, or psychiatric disease.
EEG Recordings.
EEG was recorded at seven monopolar channels in the frontoparietal regions (Fp1, Fp2, F3, F4, P3, P4, and Cz with the reference electrode in A2 of the international 10-20 system) by a QEEG-8 (Laxtha Inc., Daejeon, Korea) with a sampling frequency of 256 Hz. EEG was continuously recorded from 5 minutes before administration of propofol until 60 minutes after the end of propofol infusion. A ninth-order Butterworth filter was used to remove components above 50 Hz from the EEG signals.
Study Design.
Microemulsion propofol (Aquafol6, Daewon Pharm. Co. Ltd., Seoul, Korea) was used as general anesthetics [25] . When the volunteers arrived at the operating theatre, electrocardiography, pulse oximetry, end-tidal carbon dioxide partial pressure, and noninvasive blood pressure monitoring were started and EEG electrodes were applied. An 18 G angiocath was placed in the vein for propofol infusion and a 20 G angiocath was placed in the contralateral radial artery for frequent sampling. Volunteers were preoxygenated with 100% oxygen and then a facial mask through which a supply of 4 L/min of oxygen was applied [26] . The subject groups were classified as 3, 6, and 12 mg/kg/h according to the infusion rate of anesthetic agents, and one dose was designated and injected into each subject for 60 minutes. In order to maximize the safety of the patients, the clinical study was conducted in a consecutive order, starting from the subjects on a low infusion rate (3 mg/kg/h). In order to measure the concentration of propofol, arterial (0.5, 1, 1.5, 2, 3, 4, 6, 8, 10, 15, 20, 30, 40, 50, 58, 60, 62, 66, 70, 80, 90, 120 , and 150 min) or venous (180, 240, 300, 600, 720, and 1200 min) blood drawing was conducted, for a total of over 32 times, from before the dose of anesthetics to 20 hours after continuous intravenous infusion. Additionally, the loss of consciousness (LOC) was assessed by giving verbal commands to each subject to open their eyes, immediately after administration of propofol, at an interval of 10 sec until there was no response. In addition, the recovery of consciousness (ROC) was assessed by giving the subjects verbal commands to open their eyes, immediately after the end of the propofol infusion, at an interval of 10 sec until the patient responded [27] .
Population Pharmacokinetic Analysis.
A population pharmacokinetic analysis was performed with NONMEM VII level 3 (ICON Development Solutions, Ellicott City, MD, USA). Interindividual random variabilities of pharmacokinetic parameters were estimated assuming a log-normal distribution. Diagonal matrices were estimated for the various distributions of , where represented interindividual random variability with a mean of zero and a variance of 2 . Additive, constant coefficient of variation and combined additive and constant coefficient of variation residual error models were evaluated during the model building process. NONMEM computed the minimum objective function value (OFV), a statistic equivalent to the −2 log likelihood of the model. An level of 0.05, which corresponds to a reduction in the OFV of 3.84 (Chi-square distribution, degree of f reedom = 1, < 0.05), was used to distinguish between hierarchical models [28] . One-, two-, and three-compartment disposition models with first-order elimination were tested. The covariates analysed were age, sex (0 = male, 1 = female), weight, height, body surface area [29] , body mass index, ideal body weight [30] , and lean body mass [31] . Nonparametric bootstrap analysis served to validate the models internally (fit4NM 3.5.1, Eun-Kyung Lee and Gyu-Jeong Noh, http://cran.r-project.org/web/ packages/fit4NM/index.html, last access: Oct 17, 2011) [32] .
EEG Data Selection.
The selection criteria for each EEG index used in this study were as follows: (1) 
Population Pharmacodynamic Analysis.
A sequential modeling approach with post hoc pharmacokinetic estimates was used to derive the population pharmacodynamic parameters. Dissociation between the concentration of propofol and effect of propofol on central nervous system (EEG indices) was linked with an effect compartment. The relationship between the effect-site concentration ( ) of propofol and EEG indices was evaluated using a sigmoid max model as follows:
where is the each EEG index value, 0 is the baseline EEG index value when no drug was present, max is the maximum possible drug effect on the EEG index, is the calculated effect-site concentration of propofol,
50
is the effect-site concentration associated with 50% of the maximal drug effect on EEG index, and is the steepness of the effectsite concentration versus EEG index relationship.
2.7.
Statistics. Prediction probability ( ) was assessed as described by Smith and colleagues [34] . We calculated values using Somers' cross-tabulation statistic on SPSS, which was then transformed from the −1 to 1 scale of Somers' to the 0 to 1 scale of as
The EEG indices and were set as the dependent and independent variables, respectively. Prediction probabilities were calculated using the full measurement set. The standard error (SE) of each was calculated as (SE of Somers' ) × 2 −1 .
Proposed Methods Quantifying the Depth of Anesthesia
The information flow of a multichannel EEG signal was analyzed for DOA quantification. The information flow was quantified by the representative measuring methods, mutual information [22] , and transfer entropy [24] , while the efficacy of the DOA measurement was verified by comparison.
Mutual Information.
Mutual information measuring the information, shared by both the and signals, is generally defined as follows:
where ( , ) is the joint probability distribution function of and and ( ) and ( ) are the marginal probability distribution function of and , respectively. This equation can be expressed as sum of Shannon entropies.
When defining the EEG signals obtained from two different regions of the brain as and , (3) can be used to quantify the degree of information shared by the two regions. The amount of information shared by various regions can be confirmed by applying MI to multichannel EEG signals and we can observe the information flow in the overall cortical areas.
Transfer Entropy.
Transfer entropy is the measurement used to quantify the effect of information obtained from the ( ) signal at a specific time on the ( +1 ) signal at a future time. When defining each probability distribution for and as ( ) and ( ), respectively, TE from to , → , is defined as follows:
] where is the embedding dimension and is the embedding delay. We applied the uniform embedding scheme [35] to evaluate TE and we fixed the embedding dimension and the embedding delay at 1 for computational reasons [24] . TE in (4) can be obtained as follows:
where is a target group and is a source group. For a multivariate random vector, , assuming the Gaussian p.d.f. in [36] , the Shannon entropy can be calculated as
where is a number of random variables, Σ is covariance matrix of , and | ⋅ | denotes the matrix determinant. For example, if consists of two channels, and , and consists of a channel , then ( +1 , , ) is expressed as
where
] and +1 , , and are as follows:
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Similarly, ( +1 , ), ( ), and ( , ) can be obtained.
When defining the EEG signal obtained from the region at a specific time point as and defining the EEG signal obtained from the region at the future time point + 1 as +1 , (5) can be used for quantifying the effect of information from the region on the creation of future information from the region. In contrast, → represents the effect of information from the region on the creation of future information from the region. Accordingly, although MI represents the amount of shared information that is not directional in the information flow between two regions, TE refers to the degree of information transfer considering the directional nature of information flow between two regions.
In [35] , the simple value of TE has been used to exploit the mechanisms in EEG between patients with disorders of consciousness.
Mutual Information versus Transfer
Entropy. An arbitrary system, including information flow as shown in Figure 1(a) , was set for a characteristic comparison between MI and TE. Arrows indicate the strength of information flows linking to or and vice versa. The channel activities , , and are generated by vector autoregression (VAR) [36] as follows:
where , is the connection strength from the source to the target as in Figure 1 MI neither contains dynamical nor directional information [24] . Furthermore, it is confirmed that TE more effectively represents the amount of information occurring between channels than MI. In other words, TE is more useful than MI in the quantification of information flow with consideration of directionality. Figure 2 shows the result of MI and TE for the clinical EEG data. A change in the information flow of the EEG signal was observed for two channels, F3 and P3, which are applied to the frontal lobe and parietal lobe, respectively, among a total of 7 EEG channels (Fp1, Fp2, F3, F4, P3, P4, and Cz) used in the experiment. TE value was calculated by using the EEG data for 60 seconds at a 30-second interval, and the time delay of TE is 7.8 ms. Figure 2(a) shows the multichannel EEG for a total of 140 minutes before and after anesthesia; two vertical dashed lines, and , indicate the time points of loss of consciousness (LOC) and recovery of consciousness (ROC), respectively. Figure 2(b) shows the plasma concentration of propofol over time, which confirms the time point of anesthetic agent infusion and change in anesthetic concentration. It is difficult to observe the change in information flow around the LOC and ROC in Figure 2(a) , only with the raw EEG signal, and DOA cannot be confirmed. [27, 37, 38] , in which loss of consciousness is accompanied by a reduction in frontoparietal feedback connectivity. P3→F3 in Figure 2 (e) presents a small figure and low decrease rate compared to F3→P3 , but the pattern of the overall change per anesthetic concentration is similar to F3→P3 . In this example, TE considering directionality of information flow is more appropriate for EEG analysis for DOA measurement than MI.
Proposed Methods.
Although anesthesia relies on the interconnection of various cortical areas, most previous DOA studies used few EEG channels independently or targeted a specific region of the brain. Thus, an accurate DOA is hardly expected by EEG analysis for the specific cortical area. Figure 3 shows the result of TE according to various channel combinations for the system in Figure 1 . When channels are bipartitioned into the source and the target, 12 combinations exist. In Figure 3 , axis indicates the index of 12 bipartitions, while axis is TE value of the applicable combination. This suggests there could be a considerable difference in TE depending on the selection of the source and the target.
Information flow is observed for the multichannel EEG signal according to various combinations between channels, while the EEG analysis of specific channel combinations only provides the characteristic of the applicable regions. In order to compensate for this limitation, we divide EEG channels into two subgroups where the considerable information flow occurs between them. We call this partition as the principle bipartition. Then the information in terms of TE in the principle bipartition is used for a measure reflecting the major characteristics of various cortical areas. In other words, DOA is measured by the quantification of the dominant information flow, which is calculated in terms of TE in the principle bipartition. For the principle bipartition, three criteria based on TE are used: the maximum ( max ), the minimum ( min ), and the mean ( mean ) of TE. The maximum information flow with the largest value of TE might be the first consideration for the selection of the principle bipartition. This is applicable to the first bipartition index in Figure 3 , of which and are the source and is the target. As confirmed in the system in Figure 1(a) , the largest amount of information flow occurs in the case where and are the source and is the target. Also, the minimum information bipartition (MIB) [39, 40] recently published can be used as another principle bipartitioning. The MIB divides channels into two subgroups so that they have the minimum information flow. Then among these partitions, the partition which has the largest information is selected. Although this method cannot avoid the directed or mediated influences between channels, it is suitable for reflecting the functional integration and segregation of the brain which is associated with consciousness. Finally, the mean TE value of all possible bipartitions was used as the third index, mean .
max , min , and mean examined how well these reflect the activities of the overall cortical areas. Figure 4 shows TE results of the actual EEG data for various bipartitioning methods. Figures 4(a) and 4(b) show the same figure for the EEG signal as that in Figure 2 
Experimental Results
The efficacy of the proposed methods was confirmed in a total of 39 subjects. Overall, the subjects are classified into 3 groups according to the infusion rate of the anesthetic agent (3, 6, and 12 mg/kg/h) and each group consists of 13 subjects. Figure 5 shows the results of the proposed and conventional indices such as spectral edge frequency (SEF) [ spectral entropy (SpE) [14] , and synch fast slow (SFS) [16] according to the infusion rate in the subjects. The EEG signal which derived from one channel of prefrontal lobe (Fp1) was used for calculating conventional indices and 7 EEG channels (Fp1, Fp2, F3, F4 , P3, P4, and Cz) were used for proposed indices. The recoding intervals were divided into 5 sections (A-E) according to the change in plasma concentration of propofol: section A is the preanesthetics infusion phase (4 minutes); section B is the increasing phase in which the anesthetic concentration dramatically increases before and after postanesthetics infusion LOC (20 minutes); section C is the maintenance phase in which a high level of anesthetic concentration is relatively and consistently maintained (15 minutes); section D is the decreasing phase in which the anesthetic concentration dramatically decreases after discontinuation of anesthetics infusion (20 minutes); and section E is the recovery phase in which the anesthetic concentration is eventually recovered after ROC (10 minutes). The error bar denotes the standard deviation over 13 subjects. Figure 5(a) shows the result of the EEG indices for the subjects in which an infusion rate of 3 mg/kg/h was applied. In this case, TE value is relatively consistent, regardless of the change in anesthetic concentration and no noticeable change is observed. And the conventional indices also do not show significant changes. Meanwhile, a noticeable trend is observed of a change in TE values depending on the change in plasma concentration of propofol shown in Figure 5 of decreased TE values after LOC in section B, whereby anesthetic concentration increases, while TE values are maintained as the lowest level among all the sections, while a smaller standard deviation than the other sections is observed in section C. In addition, TE values increase in inverse proportion to the plasma concentration of propofol in section D, in which the anesthetic concentration dramatically decreases due to the discontinuation of anesthetics infusion; these values are then recovered to the level of the preanesthesia phase in section E. The range of change in TE values for max shown in the second box is relatively smaller than the range of change in the other two proposed indices, but the general graphic change patterns are similar. On the other hand, the conventional indices, SEF 95 and SpE 0.8-47 Hz , do not change proportionally to the plasma concentration of propofol. But the SFS presented in Figure 5 (b) increases in proportion to the anesthetic concentration. Figure 5(c) shows the result of the EEG indices for the subjects in which an infusion rate of 12 mg/kg/h was used. The deep sedation is determined from the plasma concentration of propofol shown in the box at the top of the figure. In this case, the decreasing rate of TE proportional to the increase of anesthetic concentration in the proposed methods is significant and the decreasing gradient is also considerable in section B. In addition, the radical decrease of TE immediately after anesthetics infusion differs from that shown in Figure 5(b) .
This result shows that as the infusion rate is increased the decreasing rate of TE also increases. Such change is found to occur immediately after anesthetics infusion, while the mean TE in section C is much lower. Meanwhile, the increasing rate of TE in section D is even slower at an infusion rate of 12 mg/ kg/h than at 6 mg/kg/h, which means that as the infusion rate is increased, the rate of consciousness recovery decreases. Therefore, the proposed methods effectively reflect not only the quantification of anesthetic concentration over time but also the change in consciousness level per infusion rate.
In order to quantitatively compare various indices and remove subject dependency, the results of the indices were normalized with the mean value of section A for each subject, which are shown in Figure 6 . The boxplots of all indices at five sections are expressed with median values and quartiles (25%-75%) of averaged values for each section, respectively. 
Pearson's Correlation
Coefficient. The Pearson's correlation coefficients between the EEG indices and the plasma concentration of propofol are shown in Table 1 . A total of 130 EEG data points were used to determine the correlation coefficients of each subject during anesthesia (B-C) and recovery (D-E). Each correlation value in Table 1 shows the mean and the standard deviation of 13 subjects and the value is also averaged over 13 subjects. Bold indicates the highest and the second highest correlations in each infusion rate. The values of the correlation coefficients for all the EEG indices are not high at the infusion rate of 3 mg/kg/h, but these values of the proposed indices are higher than conventional indices at the rate of 12 mg/kg/h. Particularly, in the case of min , the mean value of correlation coefficients is significantly high (−0.815, < 0.001).
Population Pharmacokinetic Analysis.
In total, 1,017 plasma concentration measurements from 36 healthy volunteers (male : female = 1 : 1) were used to characterize the pharmacokinetics of propofol. A three-compartment mammillary model best described the pharmacokinetics of propofol. Table 2 presents the notion that the population pharmacokinetic parameter estimates and the results of nonparametric bootstrap replicates of the final pharmacokinetic model of propofol.
Population Pharmacodynamic Analysis.
A total of 5,076 EEG data points were used to determine the pharmacodynamic characteristics of each EEG index. A sigmoid max model well described the time course of observed EEG indices values. Population pharmacodynamic parameter estimates and interindividual variability of the pharmacodynamic models are shown in Table 3 .
Prediction Probability and Spearman's Correlation Coefficient.
values and Spearman's correlation coefficients of the EEG indices are shown in Table 4 .
values were largest and Spearman's correlation coefficients were second-largest in min , which indicates that min is appropriate for the assessment of the propofol effect on the electroencephalogram. 
Two-Dimensional Brain
Map. The other advantage of the proposed methods is the directional information flow in multichannel EEGs. To illustrate the performance of the proposed indices more easily we have presented the results for multichannel EEG on a two-dimensional (2D) brain map. Figure 7 shows a 2D visualization of the dominant information flow using min . The dominant information flows in sections A, C, and E were compared. The dominant information flow at each section is expressed as the mean min for 4 minutes. The size of the arrow is proportional to the value, while the direction of the arrow refers to the direction of information flow. The blue area indicates the source channel group, while the red area indicates the target channel group. Figures 7(a)-7(c) show the change in dominant information flow according to the three infusion rates, where the dominant information flow according to the anesthetic concentration is easily detected and the DOA is more intuitionally understood.
Conclusions
The change in consciousness level before and after anesthesia was examined by quantification of information flow of a multichannel EEG. Three bipartitioning methods used to detect the dominant information flow in entire channels were suggested. max , min , and mean were suggested as the indices for the three bipartitions. The proposed methods as indices reflecting the activities of cerebral cortex in overall cortical areas are distinctive from other previous analysis methods limited to the specific region. High correlation between the proposed measures and the plasma concentration of propofol was confirmed from the experimental results of clinical data in 39 subjects; that is, as the infusion rate was increased, the change in consciousness level before and after anesthesia increased. In particular, in the case of deep sedation, it is confirmed that the loss of consciousness progresses rapidly by anesthetics infusion and the recovery rate is slow. From these results, the potentiality of the proposed methods for the DOA indices can also be confirmed. Furthermore, we have evaluated the results in terms of the prediction probability ( ) and Spearman's correlation coefficients between the effect-site concentration of propofol and the various EEG indices. Here a population pharmacokinetic analysis was performed with NONMEM VII level 3 and nonparametric bootstrap analysis served to validate the model. Recently a new combined theoretical model based on a pharmacokinetics and a neural mass model (NMM) was presented aiming at simulating EEG during propofol-induced anesthesia [41] . It would better to validate the results with the new model, PK-NMM. The limitation of the validation remains for future study with more rigorous analysis. In addition, these results are presented on the 2D brain map using the characteristics of principle bipartitioning comprising the target and the source and the change in DOA was easily and intuitionally understood. 
